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IGNORING BACKGROUND CONDITIONS

round conditions such as mediating mechanis
faen not adequate
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form of the functional relation are o
applications {e.g.
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r of stu %ies have examined various mediators to help explain a
I area of substance use, cigaretie use and marijuana use
d as possible medx \LOfS between alcohol and harder substance
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F)

conditions have been met. A"ﬁ’no reedman’s advice is sound, it is virfu-
ally impossible for researchers to meet such requirements, even wab experi-

mental designs. Pragmaucaﬂy e&rchew could approach this task
by carefully considering the mo aters of 2 causal hyjﬁ@ib@sis and
then atiempting to cemm% these conditions. Th;g ig not too different

imperatives advocated by Campbell and his colleagues sfag ipbell & Stanles
1963; Cook & C Vélﬁ 1979) to attend to threats t i ;
validity.
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instance, correlational data can only provide cues to causal relations (e.g.,
White, 1990). The use of correlationa d t may be particularly treacherous
when the researcher cannot actwely man aiate variables to simplify rela-
tions, even ef”\.oo.yziy (Cliff, 1 8~>) B ecause SEM is frequently used to
analyze nonexperimental data for which manipulation is impossible, this
criticismis a J&mé@ e, However, SEM ﬁreceduz'es can certainly be used with
experimental date. Bagozzi and Yi (1989) suggested that SEM | E;m"s{i 1res be
applied to experimental data that have tradztionaﬂy besp afmi}/ae using
a

p
al

multivariate ana Ey is of variance (MANOVA)
covariance. It i t { utine .
MANOVA, SEM)—Dby itself—can establish caasatieﬁ; caz;sai’ potential is

determined by the degree of control and validity built into ¢
design. An example of this issue is found in Amdur’s (1989) critique of
inquency. Amdur reanalyzed six studi
ctb ci co;raiatzg al date, pointing out conceptual
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instead of using a one-shot structural model assessment that most likely

provides little evidence about causality, in and of itself. For an example of

how models can be compared, see f‘,iba Wingard, and Bentler (i;%i\ An

excellent example of using two methods (SEM I

ANOVA for experimental design) to examine compu

can be found in Coovert, Salas, and Ram Lns
i

ome confusion aiso stems from the possibility that what serves as one
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on which to base latent

ariables may be ;‘@diﬁﬁ@d

validities increase {(CILiff,

more measured variables per

Vi applications revealed

rs for at least one latent

(1983) quickly pointed out that the

e or four indicators, each with a correla-
or .

hen four or more indicators are used, it
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representation. Thus, it would seem that potentially stronger causal state-
] < n 5 § .

ments might be drawn from a model that has not been dﬂj than from one
that has. if bjectivity isa prim y concern, this consideration should be kept

in mind before adjustments are made.

Many, if not most, SEM applications involve a single, one-shot model that

j Thi LJ rovides little or no opportunity to
asse mb! causal evid . If post ustments are made, however, re-
] ethezrfr‘d_g ¢

?ent sample u

'*‘h c‘)-

Repsxcaﬁm i
conditions. Cr
same pm"c‘s’ﬂf’i’m‘
t)rmiem sa n ple.




One benefit of SEM is that it allows latent constructs to be represented by

multiple measures (e.g., Martin, 1 his may be very adva“ltaﬁe«:ms for
DSjCh‘?EOUbLS because it is unlikely that si “zgif measures can represent most
major psychological constructs. Martin claimed that this is SEM’s gr catest
asset. The use of multiple indicators may p vade us with more aahd an
more 3'e§iab§@ measurement Of latent constructs. Latent variables can be
considered a tradeoff. The y raise is i i

facy,” but mu 1 tiple indicators ma.y provide accurately defined latent con-
structs and may reduce th ity of missing variables by providing more
richly defined latent constructs.

Burthermore, using latent variables may allow researchers to use a limited
,bﬁr Jf pplmam“y constructs to explain phenomena. ?h losophical justi-

this use of latent variables is found in the works of both

v :yi

%

d Kant hwstone advocated using a limited number of explan-
ctsc a broad ran h enomena as a way of achiev-

cn an 3d hoc b_.s re complete ?;3‘ sis of the
utions of Thurstone and Kant to SEM, refer to Mulaik

| that SEM is a powerful



substance abuse, whereas physical abuse tends to show both direct and
indirect effects on substance use.
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nimum
g. Replicate and cross-validate all findings
h. View each SEM study as just one part of a larger program of
:
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